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OPENING ARGUMENT

Although the complexity sciences have done much to advance the social sciences, over the
last decade the field has run into some hard situations — thirteen to be exact.

Some are self-imposed, others come from how 215t century science is conducted.
Examples include
ignoring the wider social sciences

privileging computational modelling over qualitative research

being tone-deaf about the real world.

These situations presently prevent the study of social complexity from becoming the

disruptive, transdisciplinary field it originally sought to be in the 1990s when the
complexity turn in the social sciences took place.



OPENING ARGUMENT

Fortunately, a small but growing global network of scholars are charting new
territory.

They are part of a fresh turn in complexity, the social science turn, which fosters a
transdisciplinary, social complexity imagination that, in one way or another,
addresses the field’s thirteen situations to create new areas of disruptive and highly

innovative social inquiry.

The Atlas of social complexity charts this new territory, seeking to map its present
future.

Organised around SIX THEMES, the Atlas functions as a tour guide, surveying over
thirty leading-edge research areas (some still under construction) that readers can

variously combine and develop.



OPENING ARGUMENT

The Atlas is a practical guide for those seeking new ideas and new avenues of study
to pursue, all in the hope of fostering the transdisciplinary social complexity
imagination needed to address some of the biggest global challenges we, as a
world community, presently face.

The purpose of this LECTURE is to introduce the Atlas to foster a discussion on the

future of the field and for participants to explore what a future map might look
like for YOUR WORK in‘the FIELD OF PSYCHOLOGY.



Mapping current terrain

Thirteen challenges facing the study of social complexity

Charting new territory

The Atlas of social complexity charts this new territory,
seeking to map its present future.

Organised around six major themes:

Setting the context

Cognition, emotion and consciousness
Dynamics of human psychology

Living in social systems

Advancing a new methods agenda

The unfinished space
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Situation Characteristics

1. No philosophy of complexity Few attempts to define an epistemology and ontology for social complexity

2. A failure to engage the wider social sciences Assumption that the social sciences can be ignored because the complexity sciences
would offer superior insights

3. Reinventing the wheel Reinventing existing insights from the social sciences that are then presented as new
insights

4. Old words, new words Rebranding existing insights using terms from the complexity sciences

5. Obscurantism and mystification Scientific overreach and complicated jargon combine to suggest that life’s biggest
guestions are uncovered

6. The need for multilevel thinking and modelling Despite the transdisciplinary approach of social complexity, almost all research

focuses on a single level of analysis.

7. Technique in the absence of theory Focus on computational methods and big data pushes social theory out of sight

8. Learning tools vs. predictive machines The ability to learn from simulations is replaced by a desire to predict and control
social complexity

9. Minor role of qualitative research Dominance of quantitative research and quantification of data established a blind

spot for qualitative data and methods

10. Methodological closing of social scientific mind Shying away from advances in computational methods sees many social scientists
becoming illiterate with such methods

11. The dire sound of technicalities Going into a spiral of ever-smaller technical refinement while losing the bigger
picture out of sight.

12. Being tone-deaf about the real world Advanced analyses are coupled to crude recommendations that fail to appreciate the
complexity in the target domain

13. Practice does not make perfect Pragmatic and rushed adoption of the complexity sciences by practitioners
constitutes verbal detritus




THE SOCIAL COMPLEXITY IMAGINATION

In the spirit of C. Wright Mills, the best way for the study of social complexity to overcome its current
limitations and to become truly transdisciplinary is to reembrace a social complexity imagination.

Imagination 1: Moving beyond the traps
Imagination 2. Observing the larger universe
Imagination 3. Accepting complexity psychologically
Imagination 4. Adopting a critical complexity

This time, however, the inspiration comes from a different direction: it comes from a direct engagement
with the social sciences, practice, policy and the arts, in particular those areas that don’t associate
themselves with the complexity sciences.

This is part of what we call the social science turn in complexity.
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Naturwissenschaften (2003) 90:49-59
DOI 10.1007/s00114-002-0389-9

REVIEW ARTICLE

Pier Luigi Luisi

Autopoiesis: a review and a reappraisal

From simple cells and bacteria to plants and insects to mammals and humans,
cognition appears to be central to life on planet earth.
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Under natural growth conditions, bacteria live in complex hierarchical communities. ° o
To conduct complex cooperative behaviors, bacteria utilize sophisticated communi-
o conductcompis cooperaiv behaviors baceri il ot commn form lager and more complex cognitive
matic aspects. I describe how complex colony forms (patterns) emerge through the
communication-based interplay between individual bacteria and the colony. Individ- Syste m S
ual cells assume newly co-generated traits and abilities that are not prestored in the =
genetic information of the cells, that is, not all the information required for efficient
responses to all environmental conditions is stored. To solve newly encountered prob-
lems, they assess the problem via collective sensing, recall stored information of past
experience, and then execute distributed information processing of the 10°-10'? bacte-
ria in the colony—transforming the colony into a “super-brain.” I show illuminating
examples of swarming intelligence of live bacteria in which they solve optimization
problems that are beyond what human beings can solve. This will lead to a discussion
about the special nature of bacterial computational principles compared to Turing algo-
rithm computational principles, in particular about the role of distributed information
processing.
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Brain—gut-microbe communication in health and disease
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* The founding principal of immunology is the concept of ‘identity’ and the capacity of
immune systems to distinguish between self and non-self.

* Immunity is necessarily a cognitive act and immune systems are broadly cognitive systems.

* Eco-immunology is fundamentally reshaping our understanding of the immune system’s

complex relationship with its environment and how this relationship can be harnessed to
treat disease and infection more effectively.







TO EXPLORE BRAIN- BASED COGNITION, we use a
social complexity framework to sort our position
relative to six major debates within the field:

cognition and life,

the mind/brain dualism
the unconscious,
Modularity

emotions

brain-based consciousness.




For the first three debates, we use systems thinking and
some of its key concepts (namely, structure,
organisation and process) to wiggle free of them,
hopefully for good.

For the unconscious it means offering a peaceful
conceptual divorce that lets both sides go their
separate ways.

For emotions, it means redefining brain-based cognition
in terms of our paleomammalian past to resolve the
Spock Myth that somehow emotions are separate from

logic.

With these issues sorted, we move on to outline the
beginnings of a new complex systems theory of
consciousness,
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The Self exists as much for the body as it does for the agency
of the self-reflecting mind.

The Self is part of our multi-level, embodied, complex system
of consciousness, which can also extend outward to the
wider consciousness of the various social groups of which we
are a member.

The self also exists for others in our social worlds, including
our outward facing public-self.

The embodied-primordial-reflexive self, if allowed to develop
during the lifetime of an individual, and mainly through
language acquisition and socialisation, can mature into more
complex forms of self, including a higher-level autobiographical-
self and a social-self.

In this way, social groups, socialization, and social context are
some of the most powerful evolutionary forces in the
development of consciousness for humans and other social
animals.

We cannot stress this point enough.
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Network Analysis: An

Integrative Approach to the
Structure of Psychopathology

Denny Borsboom and Angélique O.]. Cramer

Department of Psychology, University of Amsterdam, Amsterdam 1018 XA, The Netherlands;
email: D.Borsboom@uva.nl




Self-organization, human resilience and psychotherapy

David Pincus

Chapter | First Online: 28 March 2020

3302 Accesses

Zusammenfassung

This chapter applies self-organization theory to human resilience and psychotherapy.
Three broad classes of modeling are described: network modeling, topological
approaches, and time-series analysis. Unique aspects and common features of each
model is discussed, and empirical literature is reviewed, with a focus on how these

various models contributes to a common theory of biopsychosocial resilience.
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Mindfulness, imagination, and creativity

The human brain is a portal between the physical world and
mental life.

With the brain (as its own form of structure and organisation)
acting as a bridge, the two domains, the physical and the mental,
are not separate but deeply intertwined, such that life and reality
regularly relent to the powers of imagination and creativity,
meanwhile the mind is entirely embodied, including the
metaphors by which we live.
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Social psychology plays a crucial role as the
theoretical and empirical link between the
dynamics of human psychology and the
macroscopic patterns of social systems.

As we will explore in this chapter, such
distinctions have played themselves out within
the complexity sciences and the study of social
complexity. The first, which we have yet to
introduce, is between a

psychological versus sociological approach to
social psychology.

the application of complexity science topics to
the study of social psychology versus the usage
of social psychology to understand life in
complex social systems.

Synchronization.




